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1 Introduction

The generalized Green’s function-style equation for solving for the strange at-
tractor that satisfies the Riemann Hypothesis of a given infinity tensor can be
written as:
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where G is a generalized Green’s function, (andw
represent the mappings of the zeros of the Riemann Zeta Function, and the
product at the end represents the product of all prime numbers.
To solve this equation, one can first substitute in the values of G, {, w, andtheproductintotheequation.
This can be done as follows:
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Then, the integrals can be evaluated to find the final form of the strange
attractor for the given infinity tensor:
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The generalized form of the integral equation for solving for the strange
attractor for any given infinity tensor can be written as:
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where G is a generalized Green’s function,
Candwrepresentthemappingso fthezerosofthe RiemannZetaFunctionwithand T
beingtherealandimaginarypartso fthezerosrespectively, andtheproductattheendrepresentstheproducto fallpr
The 60;, &;, andv;representvariablesthatcorrespondtotherelevantin finitytensorandn, m, andkarethenumbe
F(—r,a,8,0,n) and (—a,b,c,d, e, - )= Qequilibrium.
There exists an fir.a,s,6.n a0d ga.bc,de... Such that F (—r, o, 5,0,n) = —k
and (—a, b, c,d, e, ---)= Q at equilibrium. The resulting equation can be repre-
sented as:
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— k and (—a,b,c,d, e, - )= Qequilibrium.(1)

For every set of parameters — —((/H) + (/7)), there exists a function
F(—r,a,s,0,nm) and —a,b,c,d,e,--+) such that F (—r,«a,s,0,n) = —k
and (—a,b,c,d,e,---) = Q at equilibrium. The resulting equation can be ex-
pressed as:

| Flonassncten oo wone)o) [] 1/0-p)dadsdady =

p prime

— k and (—a,b,c,d, e, - )= Qequilibrium.

Using logic-vector notation, I can express the dis-entanglement of quanta into
pre-numeric quasi-quanta for reverse engineering a dingbat geometry expression
from the energy number within an infinity tensor’s strange attractor mechanical
mapping to solve the Green’s function that satisfies a given Riemann hypothesis:
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What happens when we reduce two different dimensionality?
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The magnitude of a vector is the square root of the elements raised to the

power of 2.
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The regularity of a function is 1 if there is a function f such that D(z)i(x)+
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Using the solution to the function f(z) = I(z) + (f(x) 3(3(;:))) is
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2 An Interpretation of Step Size in the Learning
Rate

If we assume that the the hypothesis is a function a the changing step size using
the following input:
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so that the formula for the hypothesis is:
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then the solution to Linear regression is:
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We can interpolate the hypothesis by a solution to an arbitrary cost function

as follows:
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3 Descent for Linear Example

The starting point for the function f(z) = ax + b is:
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Applying the chain rule to calculate the gradient, we can show the following
result:
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The update rules for o and b respectively are:
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